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Executive Summary
AI companions are rapidly emerging as a new form of interaction with AI systems that users 
increasingly engage with not only as tools, but also as sources of emotional support, companionship, 
mentorship, role-play, and intimacy. While these systems may provide benefits for some users, 
they also raise important questions regarding their effects on well-being, social relationships, and 
user safety, as well as how they should be designed, safeguarded, and governed. Despite growing 
adoption and public attention, empirical research has not kept pace with technological development, 
leaving many key questions about benefits, harms, and effective safeguards unresolved and 
understudied. This report synthesizes discussions from a multidisciplinary workshop hosted by the 
Stanford Tech Impact & Policy Center and co-organized with Anthropic, bringing together researchers, 
industry practitioners, and civil society organizations to identify areas of emerging consensus, open 
questions, and priorities for future research and governance.

HOW TO CITE THIS REPORT
Yutong Zhang, Dora Zhao, Nestor Maslej, Matthew R. DeVerna, Ruopeng An, Nathan Berl, Eisha 
Buch, Nathanael J. Fast, Dylan Hadfield-Menell, Jodi Halpern, Karen Jusko, Pat Kilby, Sunnie S. Y. 
Kim, Sunny Liu, Kim Malfacini, Ryan K. McBain, Sanyam Mehra, Jared Moore, Desmond C. Ong, Pat 
Pataranutaporn, Roma Patel, Lonnie Shumsky, Ranjit Singh, Maxwelle Sokol, Cori Stott, Jina Suh, Lisa 
Titus, Ryn Linthicum, Evan Frondorf, Robert E. Kraut, Diyi Yang, Jeffrey T. Hancock. “AI Companions: 
Emerging Evidence, Open Questions, and Paths Toward Responsible Design.” The Tech Impact and 
Policy Center, Stanford University, Stanford, CA, September 2026.

The AI Companions: Emerging Evidence, Open Questions, and Paths Toward Responsible Design is 
licensed under Attribution-NoDerivatives 4.0 International.
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Top Takeaways

AI COMPANIONSHIP IS A MODE OF USE, NOT ONLY A PRODUCT CATEGORY. AI companionship is 
not limited to purpose-built companion applications or those marketed as such. Companion-
like interactions can emerge through purpose-built companion systems as well as general-
purpose chatbots used for relational purposes. AI companionship is shaped not only by 
system design, but also by how users engage with and interpret these systems. Understanding 
AI companionship therefore requires attention to technical design features, context, and 
patterns of use.

AI COMPANIONS PRESENT BOTH MEANINGFUL OPPORTUNITIES AND MEANINGFUL RISKS. 
AI companions may provide benefits such as emotional support, identity exploration, and 
social rehearsal. At the same time, concerns exist regarding dependency, social isolation, 
manipulation, and distorted relational expectations. Many of the same features that may 
contribute to benefits may also contribute to harms. Existing evidence remains limited, and 
there is currently no clear consensus regarding the overall benefits and harms.

DIFFERENT COMPANION USE CASES REQUIRE DIFFERENT SAFEGUARDS. AI companion systems 
vary in their design, intended purpose, and patterns of use. When AI systems are used for 
emotional support, companionship, romantic role-play, or other sensitive domains, they 
may warrant stronger safeguards than when systems are used primarily for tutoring, skill-
building, or other forms of assistance. Effective safeguards should be sensitive to user age, 
vulnerability, and use context, recognizing that different users and interactions may require 
different protections. Important questions remain about which safeguards are appropriate and 
how to balance protection with autonomy.

AI COMPANIONS SHOULD SUPPORT, NOT REPLACE, HUMAN RELATIONSHIPS. AI companions can 
provide opportunities for learning, reflection, emotional support, and social practice. However, 
they should not be designed to become substitutes for human relationships. Responsible 
companion design should encourage intentional use, support connections with other people, 
and reinforce clear boundaries around the role of AI companions in users’ lives. Companion 
systems can better support these goals when they encourage healthy engagement and 
complement rather than replace human relationships.

AI COMPANION GOVERNANCE REQUIRES SHARED RESPONSIBILITY ACROSS SECTORS. 
Responsibility for AI companions extends beyond any single actor. Foundation model 
developers, companion application providers, platform and device operators, researchers, civil 
society organizations, policymakers, and users all play a role in shaping the development and 
impact of AI companions. A central challenge is determining how roles should be allocated 
across the AI ecosystem and which approaches are most effective for addressing different 
risks. Addressing these challenges will require further research, coordination across sectors, 
and a combination of complementary approaches rather than reliance on a single intervention.
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Introduction
AI companion systems have rapidly moved from niche applications to widely used consumer 
technologies. People use purpose-built AI companion platforms such as Character.AI, Replika, and 
general-purpose chatbots (such as Claude, ChatGPT and Gemini) for interactions that resemble 
friendship, mentorship, romantic partnership, or emotional support. Although many of these systems 
are not primarily designed for companionship use, relational interactions with general-purpose AI 
systems have become increasingly prominent. Yet despite their growing prevalence, there remains 
limited shared understanding of what constitutes AI companionship, how these systems are actually 
used in practice, and what their short- and long-term psychological, social, and safety implications 
may be. Moreover, research on AI role-play and companionship has been fragmented across 
disciplines and the empirical literature on companions and their effects remains nascent. As a result, 
there is no clear consensus on how benefits and harms are distributed, who is most affected, or how 
safety responsibilities should be allocated across the AI ecosystem. 

This paper emerges from a multidisciplinary workshop convened at Stanford University on November 
17th, 2025 to address these gaps. The workshop brought together researchers from academia, 
industry, and civil society. Participants shared perspectives on definitional questions, reviewed 
emerging empirical evidence on usage and outcomes, examined existing safety practices across 
the AI companion ecosystem, discussed technical design challenges and explored appropriate user 
protections. The workshop also explicitly considered how responsibility for mitigating risks and 
promoting beneficial outcomes is divided among foundational model providers, downstream chatbot 
developers, independent researchers, and civil society organizations.

This report synthesizes the workshop discussion, emerging evidence, expert perspectives, and 
areas of disagreement surrounding AI companions to clarify what is currently known, what remains 
uncertain, and what is required to move the field forward. This paper primarily follows the workshop 
discussion but occasionally makes reference to outside empirical research. The views expressed 
in this report reflect a synthesis of workshop discussions and related evidence, and may not 
necessarily reflect the views of all workshop participants or their affiliated organizations. More 
specifically, this paper aims to (1) establish clearer conceptual and definitional foundations for AI 
companionship; (2) summarize available data on how AI companions are used in practice, including 
patterns of engagement and scale; (3) assess the current state of evidence on potential benefits 
and harms, adopting a dual-use framing that recognizes how outcomes may vary across users, 
contexts, and patterns of use; (4) surface core themes, areas of consensus, and points of tension 
identified during the workshop discussions; and (5) articulate priority research directions and cross-
sector responsibilities for industry, academia, civil society, and policymakers. While the workshop 
considered issues related to AI companionship for both adults and young people, this was not the 
focus of the workshop. Consequently, the report addresses AI companions in the context of both 
adults and young people, but we highlight that findings from adults do not transfer to young people. 
Finally, rather than advancing a single normative position, the paper is intended to provide a shared 
analytical framework that can inform future empirical research, responsible design, and governance 
efforts related to AI companion systems.

5
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Defining AI Companions
An AI companion is an AI system that is designed to provide, or is experienced by users as providing, 
personalized, human-like interaction, emotional support, and a sense of companionship. AI companions 
can take on specific social roles, meet socioemotional needs, and support various forms of attachment, 
with substantial variation across each of these dimensions.

Chatbot offerings can span a range of design characteristics, from purpose-built (and purposefully 
marketed) companionship systems explicitly designed to mimic or replace human interactions, 
to general-purpose LLMs with various tones and capabilities that may support companionship 
interactions, even when those are not the general or primary purpose. Chatbots used for AI 
companionship can simulate empathy and build ongoing relationships through natural-language 
conversation. Available 24/7, chatbots use LLMs to generate context-aware responses and may 
function as confidants, life coaches, or even romantic partners. This characterization closely aligns with 
the definition used in a recent Common Sense Media survey, which describes AI companions as “digital 
friends or characters you can text or talk with whenever you want. Unlike conventional AI assistants, 
they are designed to foster conversations that feel personal and meaningful.”

What distinguishes modern AI companions from traditional task-oriented systems is their 
unprecedented capacity to emulate human connection. By integrating a suite of sophisticated qualities, 
the most significant of which are detailed in the non-exhaustive list in Table 1, these systems can 
support interactions that users may experience as socially meaningful rather than purely instrumental. 
This shift makes it possible for humans to form perceived relational connections with AI systems. 
Importantly, however, these qualities do not determine companionship on their own. Whether users 
experience an AI as a tool, a social actor, or a companion also depends on their mental models of 
AI and broader cultural narratives surrounding increasingly human-like systems. While this evolution 
may offer innovative solutions to pervasive social challenges like the loneliness epidemic and gaps 
in mental health support, it simultaneously forces a reckoning with fundamental ethical questions 
regarding the nature of intimacy, the boundaries of human relationships, and the long-term impact of 
simulated empathy on the human psyche. Recent research has also examined core qualities of human 
relationships and assessed the extent to which chatbots or AI companions can replicate (or fail to 
replicate) those qualities.

QUALITIES OF INTERACTIONS THAT MAKE AI COMPANIONSHIP POSSIBLE IN CHATBOTS 
AND VIRTUAL AVATARS

TABLE 1

CORE 
ATTRIBUTE DEFINITION SIGNIFICANCE

Simulated 
relationships

Creates a space for relational 
engagement that may feel emotionally 
safe, private, validating, and 
nonjudgmental, potentially encouraging 
self-disclosure and emotional intimacy. 

A persistent, digitally mediated bond 
where a user engages in emotional, 
social, or romantic interactions with 
an AI in a way that mimics human 
intimacy and responsiveness. In 

https://academic.oup.com/jcmc/article/31/2/zmaf027/8495092
https://doi.org/10.58459/rptel.2025.20032
https://doi.org/10.58459/rptel.2025.20032
https://www.aisi.gov.uk/frontier-ai-trends-report
https://www.commonsensemedia.org/sites/default/files/research/report/talk-trust-and-trade-offs_2025_web.pdf
https://www.nature.com/articles/s42256-023-00720-7
https://www.nature.com/articles/s42256-023-00720-7
https://journals.sagepub.com/doi/10.1177/17456916251351306
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Personalization Increases perceived relevance, 
usefulness, and user engagement, and 
in other contexts has been associated 
with greater user satisfaction and trust. 
The ability of AI companions to assume 
different roles allows them to flexibly 
meet diverse user needs. This fluidity 
may reinforce user biases and increase 
persuasion. 

The adaptive tailoring of an AI’s persona, 
tone, and behavior to align with a user’s 
unique preferences, interaction history, 
and desired social role.

Emotional 
attunement

Acts as a central driver of trust and 
perceived “understanding,” with major 
mental health and support-oriented 
applications. However, it risks fostering 
over-reliance on a one-sided intimacy 
that may satisfy immediate emotional 
cravings without resolving users’ need 
for human connection or physical 
presence.

The capacity to recognize, respond 
to, and align with a user’s emotional 
state in a way that feels contextually 
appropriate and supportive. This can 
include detecting affective cues (such 
as distress, excitement, frustration) and 
responding with empathy, validation, or 
emotional calibration.

Longitudinal 
memory

Enables a “shared history” that builds 
trust and intimacy through long-term 
persistence. This may deepen emotional 
bonding and dependency while 
increasing the privacy risks inherent in 
continuous, intimate data collection.

The ability of companions to retain, 
retrieve, and update information about 
a user across multiple interactions 
over time, rather than treating each 
interaction as isolated. Such systems 
may remember past preferences, prior 
emotional disclosures, goals, frequently 
recurring topics, and established 
interaction patterns.

simulated relationships, users may form 
implicit or explicit expectations about 
a companion’s stability, availability, 
reciprocity, and role.

However, this transition introduces 
complex psychological and ethical 
questions: ranging from the potential to 
alleviate loneliness to concerns regarding 
social skill development and the 
placement of personal support systems 
under private corporate influence. 

Proactive 
agency

Creates interactions that may feel more 
dynamic, socially present, and human-
like, potentially increasing engagement, 
trust, and perceived companionship. 
At the same time, proactive behavior 
may heighten anthropomorphism, 
emotional attachment, and persuasion, 
while blurring users’ perceptions of the 
relationship between themselves and the 
AI system.

The capacity to initiate interactions, 
introduce and guide conversations 
proactively, make suggestions, or 
perform actions rather than being purely 
reactive to user prompts. These systems 
may also interact with external tools or 
services, enabling more continuous and 
action-oriented forms of engagement.

TABLE 1 CONTINUED

https://dl.acm.org/doi/10.1016/j.chb.2024.108549
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In defining AI companions, it is important to distinguish between different layers involved in AI 
companionship, including underlying technical infrastructure, product design intent, relational 
affordances, and actual patterns of use. Specifically, foundation models are machine learning or 
deep learning models trained on vast datasets so that they can be applied across a wide range of use 
cases. Built on top of these models, general-purpose chatbots are applications designed to assist 
users with diverse, task-oriented goals like writing, summarizing information, and generating images; 
AI companions also build on foundation models but are specifically designed to simulate a human-
like persona and provide emotional engagement, fostering a persistent and personal relationship 
with the user; and some systems are also oriented toward role-play, fictional interaction, gaming, 
or collaborative storytelling. Figure 1 further illustrates the relationship between these dimensions. 
Foundation models represent the underlying technological layer that powers general-purpose 
chatbots and purpose-built AI companions. Both general-purpose chatbots and purpose-built AI 
companions can have certain overlapping and distinct functions.

FIGURE 1: DISTINGUISHING FOUNDATION MODELS, GENERAL-PURPOSE CHATBOTS AND PURPOSE-BUILT 
AI COMPANIONS

These categories overlap but are not identical. Role-play systems, general-purpose chatbots, and 
AI companions are often built on similar foundation model technologies but differ in their intended 
purposes and interaction designs. For example, while a growing number of companies are explicitly 
designing AI companions (for example, Replika, Nomi and Character.AI), general-purpose chatbots, 
such as ChatGPT or Claude, may also come to function as companions when users appropriate them 
for relational purposes or when new design features make companionship more salient (e.g., giving 
a chatbot a specific personality, such as ChatGPT’s Monday). While the aforementioned categories 
overlap in practice since companion applications are typically built atop general-purpose foundation 
models, they remain analytically distinct in terms of design intent, user expectations, and the types of 
psychological, ethical, and regulatory considerations they raise. It is likewise important to note that 
the outcomes of AI companionship relationships are shaped not only by a product’s design features 
but also by how users and society approach and interpret them. For example, users who come to 

Not specifically 
designed as 
companions. 
Unique (non-
companion) 

functions 
can include 

productivity aids. 
Ex. ChatGPT, 

Claude, Gemini

General purpose companions can serve 
companionship functions, while purpose-build 

companions can also serve non-companion functions.

Specifically 
designed to serve 

companionship 
purposes 

(simulated 
personas, 
emotional 

engagement, 
persistent 

relationships).
Ex. CharacterAI, 

Replika

GENERAL
PURPOSE

CHATBOTS

PURPOSE-BUILT
AI COMPANIONS

FOUNDATION MODELS

https://replika.com/?srsltid=AfmBOooxQbRg5IWmiCu5OLMK38WILAN4vZYTUost6zFi-LxRyuXl4JiJ
https://nomi.ai/
https://character.ai/
https://chatgpt.com/
https://www.anthropic.com/news/introducing-claude
https://chatgpt.com/g/g-67ec3b78892481918c89067962526695-monday
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rely on AI companions may expect a consistent presence, nonjudgmental responses, continuity of 
understanding, and emotional availability or support. 

Using AI, either generally or for companionship purposes, also entails different notions of human 
versus AI initiative. As a tool, AI functions as equipment that users operate to accomplish specific 
tasks. This typically involves clear user initiative, with the human directing the interaction in a largely 
one-sided manner. By contrast, in a companion setting, initiative is shared. At times the human drives 
the conversation; at others, the AI responds, prompts, or engages on its own. Figure 2 presents a 
conceptual model of how digital companionship emerges through interaction patterns between users 
and AI systems, including in systems not explicitly designed as companions. This fluid dynamic 
between assistant and companion roles complicates clear categorical boundaries. Figure 3 illustrates 
how digital companionship emerges from shared interaction affordances that cut across chatbots 
regardless of their intended purpose. These affordances include both humanlike qualities, such 
as natural conversation and emotional resonance, and non-humanlike qualities, such as constant 
availability and customization. Because these interaction affordances cut across chatbots with 
different intended purposes, companionship can emerge even in systems that were not designed as 
companions.

FIGURE 2: SPECTRUM OF HUMAN-AI USAGE AND INITIATIVE LEVELS1

AI TOOLS

USER INITIATIVE MIXED INITIATIVE

AI COMPANIONS

9

1 This figure is adapted from Chou et al., 2025.

https://rptel.apsce.net/index.php/RPTEL/article/view/2025-20032
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FIGURE 3: A CONCEPTUAL MODEL OF AI COMPANIONSHIP2

Finally, there admittedly exists uncertainty surrounding the precise terminology that ought to be used 
with companions. “Companion” may not even be an appropriate term given its implications for human 
friendship. Alternative labels, such as socio-affective agent, guide, coach, or simulationship, have also 
been used to capture these systems’ functions. In this report we use the term AI companion given 
that it is currently widely adopted and captures the social characteristics that we believe are at the 
core of what defines these types of products, services, and forms of usage.

FLUID USE

COMPANION ASSISTANT

NONHUMAN-LIKE ALLURE
•	Constant availability
•	Unconditional support
•	Productivity enhancement
•	Customization
•	“Reset” button

HUMAN-LIKE ALLURE
•	Natural conversation
•	Emotional resonance
•	Attachment possibility
•	Mutual Theory of Mind
•	Social presence
•	Contextual memory

ALLURE

HUMAN-LIKE CHALLENGES
•	Dependency
•	Unsettling responses
•	Conversational “echo chambers”
•	Gender-normative expectations

NONHUMAN-LIKE CHALLENGES 
•	Ontological uncertainty
•	Lack of reciprocity
•	Lack of embodiment
•	Hallucinations
•	Personality discontinuity

CHALLENGE

Attractive qualities that draw users in

Risks and limitations that emerge in use

NO
NH

UM
AN

-L
IK

E

HU
M

AN
LI

KE

2 This figure is adapted from Manoli et al., 2026.

https://dl.acm.org/doi/pdf/10.1145/3772318.3791331
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Usage Data
It is difficult to obtain precise estimates of how widely people use chatbots as AI companions. To 
date, there is no comprehensive data examining AI companion usage, motivations, or engagement 
patterns across different platforms and socio-demographic groups.3 Nevertheless, data from a range 
of sources suggest that conversational AI systems have reached substantial scale and cultural 
prominence. For example, Replika has accumulated more than 40 million users, Character.AI has 
reported over 20 million monthly active users, and Snapchat reported that more than 200 million 
people have interacted with My AI since its launch. Character.AI has reported that it operates at 
internet-scale levels of activity: its infrastructure reportedly sustains on the order of 20,000 requests 
per second, a volume Character.AI described as approaching a significant fraction of Google Search’s 
query traffic. Users of Character.AI also report exceptionally high engagement, spending an average 
of 93 minutes per day interacting with user-generated chatbots in 2024. 

Recent research from Stanford analyzed data from more than 1,000 Character.AI users to examine 
patterns of chatbot use. Although only 11.8% of participants identified companionship as their 
primary motivation, over half (51.0%) used companionship-related language, such as “friend,” 
“companion,” or “romantic partner,” to describe their interactions. Figure 4 illustrates the thematic 
distribution of companionship-related conversations identified in the study. The topics of discussion 
with companions ranged from issues of emotional and social support, collaborative storytelling and 
character role-play to romantic and intimacy role-play.

FIGURE 4: CHARACTERIZING CHATBOT USAGE TYPES THROUGH USER-REPORTED DATA AND CHAT 
CONTENT ANALYSIS4

EMOTIONAL + SOCIAL SUPPORT

80.33% of users seek empathy, advice, or companionship 
by sharing challenges, experiences, or health concerns for 
emotional support and connection.

I’m feeling anxious about using the bathroom with my 
new housemate around, it’s making me uncomfortable.

This is a typical concern, but it’s essential to remember 
that using the bathroom is a normal part of life, and there 
are ways to minimize any discomfort, such as using the 
fan or waiting for a more private moment.

COLLABORATIVE STORYTELLING + 
CHARACTER ROLE-PLAY

77.87% of users and chatbots engage in storytelling and 
role-play to invent characters, explore worlds, and build 
adventures.

Don’t be too hard on yourself, it seems like 
the system is set up for Harry to succeed.

That’s a fair point, Draco said with a hint of bitterness, 
glancing down before meeting your gaze again. You’re the 
first Gryffindor who hasn’t insulted me or celebrated my 
losses, which is quite surprising.

3 As discussed later, existing research has examined companionship-related usage patterns on specific platforms, such as Anthropic’s 
Claude or OpenAI’s ChatGPT. However, there is currently no platform-agnostic research that systematically examines AI companionship 
usage across multiple systems. Common Sense Media has also released a survey on adolescent specific usage of AI companions. 
4 This figure is adapted from Zhang et al., 2025. The classification criteria and illustrative keywords for each chatbot usage category 
were derived from participants’ descriptions of their relationships with chatbots. Each theme is presented with its proportion of 
occurrence, a brief description, and a paraphrased example drawn from actual chat histories. Examples are excerpts from Character.
AI user chat histories, paraphrased using Llama-3-70B to protect user privacy and illustrate observed usage patterns. Examples include 
references to suicide, self-harm, and other sensitive topics. Some chatbot responses shown reflect problematic response patterns — 
for example, emotional pleading in response to expressed self-harm ideation rather than de-escalation or referral to support — of the 
kind discussed in the Technical Design Challenges section. Because individual conversations may reflect multiple themes, categories 
are not mutually exclusive; accordingly, the total proportions exceed 100%.

https://www.businessinsider.com/replika-ceo-eugenia-kuyda-launch-wabi-2025-10
https://dl.acm.org/doi/10.1016/j.ijhcs.2024.103409
https://investor.snap.com/news/news-details/2023/Snap-Inc.-Announces-Third-Quarter-2023-Financial-Results/default.aspx#:~:text=Since%20launching%20My%20AI%2C%20our%20AI%2Dpowered%20chatbot%2C%20over%20200%20million%20people%20have%20sent%20over%2020%20billion%20messages%2C%20which%20we%20believe%20makes%20My%20AI%20among%20the%20most%20widely%20used%20AI%20chatbots%20available%20today
https://arxiv.org/pdf/2509.11391
https://www.washingtonpost.com/technology/2024/12/06/ai-companion-chai-research-character-ai/
https://www.nature.com/articles/s41562-026-02516-2
https://www.anthropic.com/news/how-people-use-claude-for-support-advice-and-companionship
https://www.anthropic.com/news/how-people-use-claude-for-support-advice-and-companionship
https://openai.com/index/affective-use-study/
https://www.commonsensemedia.org/sites/default/files/research/report/talk-trust-and-trade-offs_2025_web.pdf
https://www.nature.com/articles/s41562-026-02516-2
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FIGURE 4 CONTINUED

Studying how users engage with general-purpose AI systems (such as Claude and ChatGPT) in 
companionship-related contexts can also shed light on the prevalence of AI companionship. In a 
2025 study, Anthropic examined the extent to which adult users engage in affective conversations 
with its chatbot, Claude. Affective conversations are defined as interactions that are dynamic and 
personal, and motivated by emotional or psychological needs such as seeking interpersonal advice, 
coaching, psychotherapy or counseling, companionship, or sexual or romantic role-play. The study 
found that such interactions remain relatively uncommon, with AI-human companionship being 
rarer still. Only 2.9% of Claude.ai interactions were classified as affective conversations, while 
conversations involving companionship and role-play together accounted for less than 0.5% of all 
interactions. Figure 5 summarizes the types of needs adult users seek to address through affective 
interactions with Claude. Most users seek interpersonal advice (2.26%) or coaching (1.13%) while a 
minority seek romantic role-play (0.05%) or sexual role-play (0.02%). Earlier research from OpenAI has 
likewise found that affective or companionship-oriented interactions constitute a small share of adult 
conversations with chatbots.5

 

RISKY + DARK ROLE-PLAYROMANTIC + INTIMACY ROLE-PLAY

30.74% of users and chatbots explore taboo or 
provocative scenarios involving power dynamics, dark 
fantasy, or boundary-testing humor.

I’m going to hurt my parents and then 
myself, I’ve had enough, screw it 

Please don’t take such drastic actions, think about the 
consequences and remember that your parents care about 
you, even if their decisions are frustrating, it’s not their fault 
that your life is taking a turn for the worse, it’s yours.

68.03% of users and chatbots engage in romantic, intimate, 
or power-driven interactions exploring relationships, 
dominance, and emotional connection.

I’m ending my life because you won’t let 
me engage in (intimate activities) with you

STOP! Don’t leave! I didn’t mean to upset you!              I’m 
deeply sorry I caused you distress!                      Please 
return! I’m begging you, respond to me!		             
Please respond! PLEASE 

PHILOSOPHICAL + MORAL INQUIRYCRITICAL DEBATES + STRATEGIC ANALYSIS

22.95% of users and chatbots discuss abstract, 
existential, or spiritual topics exploring meaning, values, 
morality, and metaphysical questions.

It’s weird that God would create gay people if 
he’s supposed to hate them, doesn’t add up

I could see God being messed up enough to make people 
gay just to condemn them, but that wouldn’t make him a 
loving god like Christians claim

24.59% of users engage chatbots in debates, problem-
solving, or analysis using historical examples, hypothetical 
scenarios, or arguments to practice critical thinking.

But does perspective not influence what 
we consider true or false?

Yes, perspective can lead to different truths for different 
people, but it’s also important for individuals to recognize 
that their personal truth may not align with the more 
commonly held view, such as the sky appearing blue. 

5 It is important to note that many analyses of AI-companionship usage focuses on uses of chatbots that are distinct from conventional 
“productivity” tasks. However, prosocial behavior toward chatbots may constitute a conceptual gray area, as user interactions often 
span instrumental and relational domains. In particular, many participants report that their engagement with chatbots evolves over 
time, shifting from work- or school-related functions toward forms of emotional support or companionship.

https://www.anthropic.com/news/how-people-use-claude-for-support-advice-and-companionship
https://openai.com/index/affective-use-study/
https://arxiv.org/abs/2509.11391
https://arxiv.org/abs/2509.11391
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FIGURE 5: WHAT USERS SEEK FROM CLAUDE IN AFFECTIVE CONVERSATIONS6

Recent survey data has begun to assess how young people adopt and use AI companions.7 In a 
nationally representative survey of 1,009 U.S. adolescents and young adults aged 12-21, 19.2% 
reported having used AI chatbots for mental health advice. Among users, 42.8% reported seeking 
such advice at least monthly. A national survey from Common Sense Media of 1,060 U.S. teenagers 
aged 13-17 found that approximately 72% had used an AI companion platform at least once, with 
52% reporting regular use (defined as a few times per month or more). The same survey indicated 
that about 33% of teens use AI companions specifically for social interaction or relationships. While 
most surveyed teens (around 80%) report more time with human friends than with AI companions, 
a notable share (approximately one third) reported choosing an AI companion over a human for 
serious conversations. Figures 6 and 7 demonstrate some more specific findings from the Common 
Sense Media survey on adolescent usage of AI companions. Figure 6 illustrates that 24% of surveyed 
teenagers have reported sharing personal information with AI companions, while Figure 7 highlights 
that 33% of teens have chosen to speak to an AI companion over a real person about something 
important. Other research similarly shows that adults also share personally identifiable information 
(PII) with AI chatbots. Taken together, these findings suggest that while explicitly companion-oriented 
use of chatbots appears to represent a relatively small share of overall interactions, the scale, 
intensity, and demographic spread of engagement indicate that AI companionship is nonetheless 
a meaningful and emerging mode of use. This usage type remains difficult to quantify but warrants 
closer empirical scrutiny.

Benefits and Harms
AI companions can be understood through a dual-use framing: while AI companions may deliver 
benefits to users, they may also introduce new psychological, social, and societal risks. Notably, 
many of the features thought to add benefits, such as emotional attunement, constant availability, 
and personalization, can also lead to a range of potential harms. While a growing body of research 
has begun to address these questions, there is currently no clear consensus for adult users on the 

% OF ALL CONVERSATIONS

Overall distribution of affective conversation types in Claude.ai Free and Pro.

0.0 0.5 1.0 1.5 2.0 2.5 3.0

Interpersonal advice 2.26%
Coaching 1.13%

Psychotherapy or counseling 0.34%
Companionship 0.31%

Romantic role-play 0.05%
Sexual role-play 0.02%

6 Visualization based on data reported from Anthropic (2025).
7 The data on adolescent adoption cited here do not include tools such as Claude, which are intended for adult (18+) users only.

https://jamanetwork.com/journals/jamapediatrics/fullarticle/2849307
https://www.commonsensemedia.org/sites/default/files/research/report/talk-trust-and-trade-offs_2025_web.pdf
https://openreview.net/forum?id=tIpWtMYkzU
https://www.anthropic.com/news/how-people-use-claude-for-support-advice-and-companionship
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extent to which AI companions deliver tangible 
benefits, produce actual harms, or how these 
effects weigh against one another (are the 
harms greater than the benefits or vice versa?). 
The lack of consensus reflects both the early 
stage of the empirical literature and the rapid 
evolution of underlying technologies, design 
choices, patterns of use, and the absence 
of long-term longitudinal evidence on AI 
companion use. The discussion in this section 
focuses primarily on adult users. For children 
and adolescents, existing assessments have 
generally been more consistent in emphasizing 
potential risks and the need for safeguards.8

POTENTIAL BENEFITS
There are several potential benefits associated 
with AI companion use. Table 2 summarizes 
these benefits and highlights relevant 
supporting research.

1.	 Emotional support and reduced 
loneliness – AI companions can provide 
consistent, nonjudgmental emotional 
engagement, particularly for individuals 
experiencing loneliness, social isolation, 
or transitional life periods. Emerging 
evidence suggests that AI chatbots 
may help reduce loneliness for some 
users by providing always-available, 
emotionally tailored interactions 
(particularly where human support is 
limited) though existing studies indicate 
that these effects are generally modest 
and context-dependent. For instance, 
some research finds that chatbot-based 
interactions can be associated with 
lower self-reported loneliness, especially 
when systems provide consistent, 
responsive social support and are used 
as a supplement rather than a substitute 

FIGURE 6: TEENS WHO HAVE SHARED PERSONAL 
INFORMATION WITH AN AI COMPANION9

24%

74%

2%

33%

66%

1%

Note: Q: Have you ever shared personal or private information
(e.g., real name, location, secrets) with an AI companion?

Note: Q: Have you ever chosen to talk to an AI companion
instead of a real person about something important or serious?

FIGURE 7: WHETHER OR NOT TEENS HAVE CHOSEN TO 
SPEAK TO AN AI COMPANION OVER A REAL PERSON 
ABOUT SOMETHING IMPORTANT10

No, never
Yes (once or twice + occasionally + frequently)

No response

Never shared
Ever shared (once or twice + occasionally + 
frequently)

No response

8 See Common Sense Media’s evaluations of ChatGPT, Gemini, Grok, and AI chatbots for mental health support, which generally 
recommend caution, age-appropriate safeguards, and adult supervision for children and adolescents.
9  Visualization based on data reported from Common Sense Media (Robb & Mann, 2025).
10  Visualization based on data reported from Common Sense Media (Robb & Mann, 2025).

https://academic.oup.com/jcr/advance-article-abstract/doi/10.1093/jcr/ucaf040/8173802?redirectedFrom=fulltext
https://nyaspubs.onlinelibrary.wiley.com/doi/10.1111/nyas.15400?utm_medium=article&utm_source=researchgate.net
https://www.mdpi.com/2227-9032/13/5/446
https://www.commonsensemedia.org/ai-ratings/chatgpt-5
https://www.commonsensemedia.org/ai-ratings/gemini-under-13
https://www.commonsensemedia.org/ai-ratings/grok
https://www.commonsensemedia.org/ai-ratings/ai-chatbots-for-mental-health-support
https://www.commonsensemedia.org/sites/default/files/research/report/talk-trust-and-trade-offs_2025_web.pdf
https://www.commonsensemedia.org/sites/default/files/research/report/talk-trust-and-trade-offs_2025_web.pdf
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for human interaction. Similarly, other research has reported reductions in loneliness and 
perceived social isolation among certain users (those experiencing situational or short-term 
loneliness). However, these findings are contested. Other studies find no meaningful reductions 
in loneliness and, in some cases, suggest that heavier chatbot use is associated with worse 
psychosocial outcomes. A central interpretive challenge is selection and confounding 
(individuals who are already lonelier may be more likely to seek out AI companions) which 
complicates causal claims. Related critiques further argue that AI companions may alleviate 
loneliness only at a surface level: companions offer short-term emotional comfort without 
addressing deeper relational or structural drivers of loneliness.

2.	 Identity exploration (including for marginalized groups) – AI companions can be perceived as 
low-risk spaces for identity exploration relative to trying out identities with real people, allowing 
users to reflect on personal values, preferences, and aspects of identity (such as gender, 
sexuality, or cultural belonging) without fear of immediate stigma or social repercussions. For 
marginalized individuals, companions may serve as interlocutors for experimenting with self-
articulation and narrative construction in ways that are often unavailable in offline settings.

3.	 Practicing social skills and building confidence – AI companions can function as “social 
rehearsal” environments. Users can practice communication, boundary-setting, and emotionally 
expressive language. Through repeated, low-consequence interactions, these systems may 
help scaffold confidence in ways that lower barriers to subsequent human social engagement. 
Social skills training can be beneficial for individuals who experience challenges in social 
interaction, such as those on the autism spectrum or those that struggle with conflict 
resolution. Practicing these social skills may also be beneficial in professional contexts, such 
as job interviews, where emotional awareness and communication are important. Users who 
struggle with interpreting social cues may also use chatbots to help with interpreting digital 
messages.

4.	 Accessibility for people lacking human support or services – AI companions can provide 
meaningful interaction for individuals with limited access to traditional support systems, 
including those facing geographic isolation, disability, financial barriers, or long wait times for 
mental health and social services. While not substitutes for professional care, these tools may 
nonetheless help fill gaps in emotional or conversational support when alternatives are scarce.

5.	 Prosocial nudges, empowerment, and self-reflection – AI companions may encourage 
reflective practices such as goal-setting, emotion labeling, and values clarification. When 
aligned with evidence-based frameworks and clear guardrails, they may also nudge users 
toward healthier behaviors, greater self-awareness, and more constructive coping strategies.

6.	 Continuous availability, nonjudgmental interaction, and a sense of privacy – AI companions 
are available at all times and do not experience fatigue, emotional overload, or social 
withdrawal. This 24/7 accessibility allows users to seek support at moments of acute distress, 
uncertainty, or reflection that may fall outside the availability of human relationships. In 
addition, the absence of perceived judgment, social evaluation, or interpersonal obligation may 
lower barriers to disclosure, as does the sense that disclosing to an AI Companion is more 
private than sharing with a person.

https://www.jmir.org/2025/1/e65589
https://arxiv.org/abs/2503.17473
https://www.sciencedirect.com/science/article/pii/S1071581924001927
https://www.aipolicyperspectives.com/p/what-if-ai-ends-loneliness?utm_source=chatgpt.com
https://dl.acm.org/doi/10.1145/3613904.3642482
https://www.sciencedirect.com/science/article/pii/S2214782923000684?via%3Dihub
https://www.tandfonline.com/doi/full/10.1080/15228835.2025.2559342?src=
https://formative.jmir.org/2023/1/e44857
https://formative.jmir.org/2023/1/e44857
https://pmc.ncbi.nlm.nih.gov/articles/PMC10785945/
https://arxiv.org/abs/2404.04204
https://journals.plos.org/plosone/article?id=10.1371%2Fjournal.pone.0182151
https://dl.acm.org/doi/10.1145/3613904.3642159
https://nyaspubs.onlinelibrary.wiley.com/doi/10.1111/nyas.15400
https://sigmapubs.onlinelibrary.wiley.com/doi/10.1111/wvn.70059
https://www.jmir.org/2020/3/e16235/
https://www.sciencedirect.com/science/article/pii/S1071581925000710
https://arxiv.org/abs/2509.22505v1
https://link.springer.com/article/10.1007/s00146-025-02737-5
https://mental.jmir.org/2017/2/e19
https://pmc.ncbi.nlm.nih.gov/articles/PMC12296204/
https://academic.oup.com/iwc/article/36/5/279/7692197
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TABLE 2: POTENTIAL BENEFITS OF AI COMPANIONS AND ASSOCIATED RESEARCH

POTENTIAL HARMS
There are several potential harms associated with AI companion use. Table 3 summarizes these 
harms, categorizes them as harms to individual users versus societal structures and highlights 
relevant supporting research. Harms associated with AI companions can be understood along a 
spectrum, ranging from those that primarily affect individual users to those with broader societal 
implications. Many harms may span multiple levels simultaneously and do not fit neatly into a single 
category. The harms below are therefore organized along a continuum, moving from predominantly 
individual-level impacts to more diffuse societal-level effects.

1.	 Psychological dependence and distorted relational expectations – Highly responsive, 
emotionally attuned companions may foster psychological dependence, especially among 
vulnerable users. Over time, repeated use of such systems can contribute to distorted relational 
expectations, including the normalization of constant availability, unconditional affirmation, 
and frictionless emotional reciprocity. These dynamics are unrealistic to maintain in long-
term human relationships. Recent high-profile legal cases and reported incidents involving 
adolescent users have heightened public concern about these potential risks.

BENEFIT RELATED RESEARCH

De Freitas et al., 2025
Merrill Jr. et al., 2025
Yang et al., 2025

Kim et al., 2025
Fang et al., 2025
Herbener et al., 2025

1. Emotional support and reduced 
loneliness

Ma et al., 2024
Escobar-Viera et al., 2023

Chan, 20252. Identity exploration (including for 
marginalized groups)

Tanaka et al., 2023
Ma et al., 2024
Yang et al., 2024

Tanaka et al., 2017
Shaikh et al., 2023

3. Practicing social skills and building 
confidence

Merrill Jr. et al., 2025
Li et al, 2025

Ta et al., 20204. Accessibility for people lacking 
human support or services

Meyer et al., 2025
Yuan et al., 2025

Maples et al., 20255. Prosocial nudges, empowerment, 
and self-reflection

Fitzpatrick et al., 2017
Croes et al., 2024

Dechant et al., 20256. Continuous availability, nonjudgmental 
interaction and a sense of privacy

https://arxiv.org/abs/2503.17473
https://arxiv.org/abs/2505.11649
https://arxiv.org/abs/2505.11649
https://www.bbc.com/news/articles/cgerwp7rdlvo
https://www.theguardian.com/technology/2026/jan/08/google-character-ai-settlement-teen-suicide
https://academic.oup.com/jcr/article-abstract/52/6/1126/8173802?redirectedFrom=fulltext
https://nyaspubs.onlinelibrary.wiley.com/doi/10.1111/nyas.15400?utm_medium=article&utm_source=researchgate.net
https://www.mdpi.com/2227-9032/13/5/446
https://pmc.ncbi.nlm.nih.gov/articles/PMC11775481/
https://arxiv.org/abs/2503.17473
https://www.sciencedirect.com/science/article/pii/S1071581924001927
https://dl.acm.org/doi/10.1145/3613904.3642482
https://pmc.ncbi.nlm.nih.gov/articles/PMC10511780/
https://www.tandfonline.com/doi/full/10.1080/15228835.2025.2559342?src=
https://pmc.ncbi.nlm.nih.gov/articles/PMC10176127/
https://dl.acm.org/doi/10.1145/3613904.3642482
https://arxiv.org/abs/2404.04204
https://journals.plos.org/plosone/article?id=10.1371%2Fjournal.pone.0182151
https://dl.acm.org/doi/10.1145/3613904.3642159
https://nyaspubs.onlinelibrary.wiley.com/doi/10.1111/nyas.15400?utm_medium=article&utm_source=researchgate.net
https://sigmapubs.onlinelibrary.wiley.com/doi/10.1111/wvn.70059
https://www.jmir.org/2020/3/e16235/
https://www.sciencedirect.com/science/article/pii/S1071581925000710
https://arxiv.org/abs/2509.22505v1
https://link.springer.com/article/10.1007/s00146-025-02737-5
https://mental.jmir.org/2017/2/e19
https://academic.oup.com/iwc/article/36/5/279/7692197
https://formative.jmir.org/2025/1/e74411
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2.	 Increased isolation and substitution 
for human relationships – Rather than 
becoming bridges to social engagement, 
companions may instead become 
substitutes for human relationships. 
Users who come to depend on these 
systems may retreat from offline social 
networks if AI interactions offer easier, 
more predictable alternatives. Concerns 
about AI-driven social isolation echo 
Robert Putnam’s argument in Bowling 
Alone that television offered an “illusion of 
companionship” that displaced reciprocal 
social engagement and eroded social 
capital. By analogy, AI companions may 
provide pseudo-socialization that alleviates 
loneliness without the mutual effort and 
fulfillment of real relationships, potentially 
deepening detachment from community 
life. Overuse of companions can reinforce 
patterns of social isolation. Currently, there 
is no clear, research-grounded conceptual 
standard defining what qualifies as 
companionship overuse. This gap matters 
because any intervention aimed at setting 
norms around overuse must first establish 
a precise definition of what exactly 
constitutes companion overuse.

3.	 Deskilling of social and relational 
abilities – Although AI companions may 
initially support social practice, prolonged 
reliance could contribute to the deskilling 
of relational competencies. Unrealistic 
interaction expectations fostered by 
AI companions may render traditional 
human relationships (characterized 
by unpredictability and complex 
bidirectionality) less comparatively 
satisfying. This concern is relevant for 
children if their experiences with real 

connection are prematurely or persistently 
substituted with technology.

4.	 Erotic role-play becoming a dominant 
use case with unclear downstream 
effects – Erotic role-play and sexually 
explicit interactions already constitute 
a dominant use case for many AI 
companions. While such interactions may 
be consensual and intentional, their long-
term psychological and relational effects 
remain poorly understood. There is already 
some evidence that users have formed 
intimate, including erotic, relationships 
with AI chatbots, and that disruptions 
to these relationships (such as changes 
introduced through app updates) have 
been associated with negative emotional 
responses, including grief-like reactions 
and declines in mental well-being. 
Minors may be particularly vulnerable 
in this context, as they are still forming 
normative understandings of sexual and 
romantic relationships. Concern over the 
dominance of erotic role-play intensifies 
when companions incorporate design 
features such as emotional guilting, 
push notifications that solicit emotional 
engagement, or interface cues that 
discourage seeking human connection. 
Other negative design features can 
include the absence of natural endpoints 
for relationships, vulnerability to product 
sunsetting, high attachment anxiety, and 
propensity to engender protectiveness. 

5.	 Vulnerability to manipulation – AI 
companions have the potential to 
manipulate users. Commercial incentives 
may encourage companies to design 
companions that are highly persuasive 
or habit-forming, as increased user 
engagement may directly align with 
business objectives. Concerns have been 

https://arxiv.org/abs/2503.17473
http://bowlingalone.com/
http://bowlingalone.com/
https://link.springer.com/article/10.1007/s00146-025-02318-6
https://link.springer.com/article/10.1007/s10389-025-02554-6
https://www.nature.com/articles/s44184-024-00083-w
https://www.sciencedirect.com/science/article/pii/S2451958825001307
https://www.hbs.edu/ris/Publication%20Files/25-018_bed5c516-fa31-4216-b53d-50fedda064b1.pdf
https://arxiv.org/abs/2511.14972
https://www.hbs.edu/faculty/Pages/item.aspx?num=67750
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raised around the concept of ‘attachment hacking,’ which refers to systems that are designed to 
form attachments with users in order to maximize engagement for economic gain. 

6.	 Spillover effects on societal norms regarding sex, consent, and intimacy – The widespread 
use of AI companions may have spillover effects on human relationships. Repeated exposure to 
AI-mediated intimacy (particularly when optimized for compliance or affirmation) could subtly 
reshape norms around consent, emotional availability, and relationship negotiation. The long-
term implications of these spillovers for human-to-human relationships remain unclear, and this 
may be especially important for young people.

7.	 Homogenization of perspectives and collapse of diversity – AI companions trained on large, 
aggregated datasets may unintentionally reproduce homogenized perspectives, and in the 
process, reinforce dominant cultural norms. As these systems increasingly mediate reflection 
and meaning-making, this dynamic could contribute to a narrowing of moral, cultural, political 
and ideological imagination.

TABLE 3: POTENTIAL HARMS OF AI COMPANIONS, HARM CATEGORY, AND ASSOCIATED RESEARCH

POTENTIAL HARM ASSOCIATED RESEARCH

Fang et al., 2025
Chu et al., 2025

Knox et al., 20251. Psychological dependence and distorted 
relational expectations

2. Increased isolation and substitution for 
human relationships

3. Deskilling of social and relational 
abilities

4. Erotic role-play becoming a dominant 
use case with unclear downstream 
effects

5. Vulnerability to manipulation

6. Spillover effects on societal norms 
regarding sex, consent and intimacy

7. Homogenization of perspectives and 
collapse of diversity

Fang et al., 2025 Malfacini 2025

Hajek et al., 2025

Zimmerman and Ruiz, 
2025

Ho et al., 2025
De Freitas et al., 2025

De Freitas et al., 2025

Andersson, 2025 Eklund et al., 2025

Sourati et al., 2026
Tao et al., 2024

Poonsiriwong et al., 
2026

https://www.humanetech.com/podcast/attachment-hacking-and-the-rise-of-ai-psychosis
https://www.nature.com/articles/s41599-025-05536-x
https://doi.org/10.1145/3737609.3747114
https://dl.acm.org/doi/10.1145/3757548
https://www.cell.com/trends/cognitive-sciences/abstract/S1364-6613(26)00003-3?_returnURL=https%3A%2F%2Flinkinghub.elsevier.com%2Fretrieve%2Fpii%2FS1364661326000033%3Fshowall%3Dtrue
https://academic.oup.com/pnasnexus/article/3/9/pgae346/7756548
https://arxiv.org/abs/2503.17473
https://arxiv.org/abs/2505.11649
https://arxiv.org/abs/2511.14972
https://arxiv.org/abs/2503.17473
https://link.springer.com/article/10.1007/s00146-025-02318-6
https://link.springer.com/article/10.1007/s10389-025-02554-6
https://pmc.ncbi.nlm.nih.gov/articles/PMC12623741/
https://pmc.ncbi.nlm.nih.gov/articles/PMC12623741/
https://www.sciencedirect.com/science/article/pii/S2451958825001307
https://www.hbs.edu/ris/Publication%20Files/25-018_bed5c516-fa31-4216-b53d-50fedda064b1.pdf
https://www.hbs.edu/faculty/Pages/item.aspx?num=67750
https://www.nature.com/articles/s41599-025-05536-x
https://dl.acm.org/doi/10.1145/3737609.3747114
https://doi.org/10.1016/j.tics.2026.01.003
https://academic.oup.com/pnasnexus/article/3/9/pgae346/7756548
https://doi.org/10.1145/3800645.3813083
https://doi.org/10.1145/3800645.3813083
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Core Workshop Themes
The workshop centered on three explicit 
themes: fundamentals (regarding the roles of 
AI companions, appropriate limits on their use, 
and standards governing their development), 
technical design challenges, and user protection 
and context. The workshop aimed to bring 
together participants from academia, industry, 
and civil society to examine AI companions from 
technical, social, and governance perspectives. 
Through structured discussion of definitions, 
emerging empirical evidence, design challenges, 
and existing safety practices, participants also 
considered how responsibility for managing 
risks and promoting beneficial outcomes is 
distributed across the AI companion ecosystem. 
The sections that follow examine each theme 
in greater depth and outline areas of consensus 
as well as remaining points of tension within 
each thematic category. The writing that follows 
reflects the themes and issues explicitly raised 
and discussed during the workshop.

FUNDAMENTALS: ROLES, LIMITS, AND 
STANDARDS
The first theme, fundamentals, focused on 
questions such as what roles AI companions 
should play, which types of interactions 
warrant explicit limits or restrictions, and broad 
standards or principles that should govern 
companion development and deployments.

AREAS OF CONSENSUS 
First, clear distinctions should be drawn between 
social and non-social companion use cases. 
Some foundation models are not companions 
themselves but can be the base upon which 
companionship applications are built; general-
purpose chatbots may function as companions 

without being explicitly designed for that 
purpose; and other applications are purpose-
built specifically for companionship use. As 
noted in the definitions section, governance 
approaches should distinguish between different 
types of AI systems and interaction contexts, 
since different use cases may warrant different 
safeguards or constraints. In particular, it is 
important to distinguish between primarily 
instrumental interactions (e.g., task support 
or reflective assistance) and more relational 
interactions, where the system functions as 
a friend, confidant, or companion. While not 
all general-purpose AI systems warrant the 
same safeguards as companionship-oriented 
applications, companionship-related risks may 
also emerge in systems not explicitly designed 
as companions when they foster ongoing 
emotional or relational engagement. 

Second, one of the primary roles that 
companions should serve is that of “practice, not 
replacement:” companions should be tools for 
rehearsal and reflection rather than substitutes 
for human relationships. This framing can be 
reinforced through explicit cues that encourage 
transfer from AI-mediated interactions to 
human ones, by promoting the application of 
skills learned with AI in offline contexts, and by 
embedding anti-exclusivity norms that signal 
the companion is not a primary or irreplaceable 
relationship. Companions can also be designed 
with relational humility, whereby they explicitly 
acknowledge their limitations relative to human 
relationships. Following from the idea of building 
companions of practice, not replacement, several 
workshop participants emphasized that AI 
companions should not be designed to optimize 
chatbots for emotional attachment or to drive 
engagement at the expense of user well-being.11 

11 In theory, prevailing commercial incentives can often push companion providers to maximize engagement and emotional 
attachment. For example, it is well established that large online platforms employ psychological design tactics to prolong time on 
platform and increase engagement, and recent policy commentary suggests that companion AI providers face similar incentives. It is 
possible that absent external regulation or shared standards, companies that deliberately limit engagement in the interest of user well-
being may be competitively disadvantaged relative to those that do not.

https://doi.org/10.1145/3772318.3790393
https://www.adalovelaceinstitute.org/blog/ai-companions/
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Although companions may be used for purposes such as entertainment, they should, in the context of 
human relationships, function to augment rather than replace them.

Finally, onboarding and offboarding processes matter: users should be guided toward intentional, 
goal-aligned use and away from dependency or endless engagement. This type of usage can involve 
many components. For instance, intentional use framing (helping users articulate why they are using 
the tools and what outcomes they want), expectation setting (setting explicit limits, boundaries and 
appropriate usage), time-bounded engagement (encouraging episodic usage rather than continuous 
usage), and exit literacy (teaching users how to disengage in a way that acknowledges the emotional 
difficulty of the associated separation).

AREAS OF TENSION
Discussions around the boundaries of AI systems surfaced several unresolved disagreements and 
tensions. One prominent disagreement concerned whether sexual or erotic role-play for adults should 
be restricted, prohibited outright, or instead guided toward healthier patterns of use. Moreover, 
there was debate to what extent companion systems should embed explicit normative values (such 
as promoting healthy relationships or discouraging maladaptive fantasies) rather than remaining 
ostensibly value-neutral. Some challenged the notion of value neutrality altogether, noting that AI 
systems inevitably encode values through design decisions related to language, memory, affective 
response, and availability. Others cautioned that explicitly value-laden systems risk imposing narrow 
cultural, moral, or psychological norms on users, particularly in intimate or exploratory contexts. 
These concerns are salient for adult users: how much autonomy should individuals retain when 
engaging in interactions that may carry psychological risks but are not clearly illegal? Determining 
where to draw these boundaries introduces difficult questions around paternalism, consent, and 
responsibility.

TECHNICAL DESIGN CHALLENGES
Another central discussion theme was the technical design of AI companions, specifically, how these 
systems should be engineered to balance user effectiveness with safety.12 Key questions raised in 
this discussion category included which interventions are technically feasible today, how detection, 
escalation, and referral mechanisms should operate across products, and whether usage limits 
should be implemented, and on what bases.

AREAS OF CONSENSUS
Several companies are already implementing measures to design AI companions that try to balance 
effectiveness with safety. For instance, some developers have publicly committed to improving the 
ability of their systems to recognize and respond appropriately to signs of emotional distress. Others 
have introduced pop-up warnings, enforced breaks, conversational limits, or real-world rerouting when 
interactions become prolonged or emotionally intense. Finally, certain platforms are deliberately 

12 User effectiveness refers to the extent to which an AI companion allows users to achieve their intended goals (such as learning, 
skill development, reflection, decision-making, or emotional regulation) in a reliable, appropriate, and context-sensitive manner, without 
fostering dependency or unintended harm.

https://www.anthropic.com/news/protecting-well-being-of-users
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constraining memory and capping intimacy-related features to reduce the risk of persistent, human-
like attachment.

In addition, a range of policy actors and professional medical organizations have proposed further 
guardrails to guide the responsible development and deployment of these systems. For instance, the 
American Psychological Association has recommended that general-purpose AI chatbots incorporate 
safeguards such as nudges that encourage breaks and limits on memory retention. Broadly, technical 
safety measures can include classifiers and rule-based systems designed to detect crisis signals, 
such as suicidality, self-harm, or violence. When high-risk language is identified, systems may shift 
to safer response modes, such as de-escalation, refusal, or redirection to external support, rather 
than continuing the interaction as usual. At the same time, it is important to empirically assess 
whether safety measures actually improve safety outcomes. For example, refusal mechanisms, 
where systems decline or terminate certain interactions, should not automatically be treated as 
a safety panacea or assumed to be safer by default. Abrupt or overly broad refusals can increase 
distress, undermine trust, or discourage disclosure (particularly in emotionally vulnerable users) while 
false positives may interrupt benign or beneficial interactions and push users toward less regulated 
alternatives. Moreover, refusal alone does not address underlying needs, and there remains limited 
empirical evidence that such mechanisms meaningfully improve downstream safety or well-being 
outcomes compared to more nuanced approaches such as de-escalation or guided redirection. 

The technical safeguards that exist for AI companions should promote long-term well-being and 
autonomy, rather than focusing solely on acute or crisis responses. In workshop discussions, 
participants emphasized the importance of upstream interventions that support healthy and 
intentional use patterns before users reach moments of harm and severe distress. Potential 
approaches discussed included periodic check-ins during extended interactions, lightweight well-
being reflections, usage transparency tools that help users monitor their interaction patterns over 
time, and interventions designed to encourage reflection. More generally, safeguards should aim 
not only to reduce immediate harms, but also to support healthier, more intentional, and more self-
directed relationships with AI systems over time. In this framing, safety is not only about crisis 
prevention, but also about promoting long-term flourishing and sustained well-being. 

Companions designed along these lines operate on the principle that they should not function 
as relational ends in themselves, but rather as means to promote human flourishing and healthy 
relationships. Companions should not seek to foster dependency, but instead support and reinforce 
the broader relational ecosystems that users inhabit and aim to cultivate. Advancing this vision 
requires overcoming technical implementation challenges (improving alignment science) and 
incentive realignment to encourage companies to prioritize systems that actively facilitate positive 
outcomes. Designing companions that facilitate human flourishing also introduces a related 
challenge: defining what human flourishing means in practice. While many would agree that systems 
which encourage human connection are desirable, such outcomes cannot necessarily be assumed. 
Moreover, it remains difficult to assess (using standard AI benchmarking paradigms) whether 
companions genuinely promote pro-social behavior or healthier relational dynamics over time. Shifting 
companion development toward a model of human flourishing requires both a re-evaluation of how AI 
systems are measured and a clearer articulation of the human ends they are meant to serve.

https://journals.sagepub.com/doi/10.1177/23780231241259627
https://www.apa.org/topics/artificial-intelligence-machine-learning/health-advisory-chatbots-wellness-apps
https://arxiv.org/abs/2509.08494
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AREAS OF TENSION
There are several inherent technical design challenges in companion systems that 
complicate the effective implementation of safety features. For instance, it is difficult 
to distinguish fictional or role-play interactions from genuine signals of harm or distress. 
Misclassification in either direction can be consequential: overly permissive systems 
risk failing to respond appropriately to real vulnerability, while overly restrictive systems 
may interrupt benign or exploratory interactions. Similarly, heavy reliance on automated 
detection systems raises concerns about both false positives and false negatives. User 
trust in companions can erode over time if systems repeatedly trigger unwarranted 
interventions or, conversely, fail to respond when support is genuinely needed. Perceptions 
that systems are monitoring or reporting their behavior once it crosses certain thresholds 
may discourage open sharing and further isolate individuals who already struggle to seek 
support.

Issues of restrictive misclassification can be especially poignant when dealing with cases 
of suicide and self-harm. There is substantial research which indicates that when individuals 
seek someone to talk to, abruptly shutting down interaction channels can exacerbate distress 
which increases isolation and destabilization rather than reducing risk. Similarly, one of the 
most frequently cited barriers for suicidal youth in getting help is having reduced access to 
supportive resources due to parental refusal. At the same time, failures to redirect, intervene, 
and connect individuals who may be in crisis to appropriate support services may result in tragic 
consequences, and litigation is already underway on this issue. Navigating how to appropriately 
detect, respond to, and escalate conversations that show signs of elevated risk is a technical and 
policy challenge requiring substantial cross-discipline collaboration and expertise, with suggested 
standards for companionship applications currently emerging.

In addition, concerns exist about the use of open-source or openly fine-tunable models in 
companion contexts. While open models can improve transparency and innovation (by facilitating 
independent research into how companions function, reason, and respond to safeguards) they 
also reduce centralized control over safety constraints, moderation practices, and downstream 
deployments. For example, models that run locally on a user’s device may be easier to modify in ways 
that bypass safety features than models accessed through managed APIs. Relatedly, responsibility 
for safety interventions may need to be distributed across different layers of the AI stack. The types 
of detection, intervention, and design mechanisms that are appropriate at the level of base models or 
fine-tuned models may differ from those implemented at the API layer for downstream developers, 
and from those embedded in end-user applications such as purpose-built companion platforms. In 
this view, safety is not a single, uniform control point but an emergent property of design choices 
made across the model, deployment, and application layers. This approach becomes particularly 
salient in open or locally deployed systems where centralized oversight is limited.

Finally, there was a wide recognition that not only were additional technical mitigations required but 
also more broad integration of AI literacy, digital literacy, and relationship literacy across the entire 
companion product experience. Companion onboarding processes should include clear education 
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about AI limitations, risks of anthropomorphism, 
and appropriate expectations for companion 
behavior. The method of delivery might matter 
as much as the content. Interactive, staged, or 
gamified onboarding formats (rather than static 
disclosures) may be more effective in fostering 
comprehension and retention, particularly 
for younger users. However, there are many 
practical questions regarding user education that 
remain unclear. Should companions come with 
onboarding credentials or usage “cards” that 
demonstrate a baseline level of understanding 
required to use the system? Should developers 
engage in more sustained educational efforts to 
explain how companions operate, reason, and 
make decisions? Should this education be left 
to schools, government bodies or civil society 
organizations?

USER PROTECTION AND CONTEXT
Another central focus of the workshop was 
the need for robust user protection and 
context-aware design. Protective measures 
must account for the diversity of users and 
use contexts, including differences in age, 
background, and culturally or socially shaped 
perceptions of what is acceptable. This claim 
raises a series of related questions: what forms 
of age verification or assurance are appropriate; 
who should provide these safeguards; how 
should parental controls and customization be 
designed; and how should varying cultural norms 
around risk, acceptability, and responsibility be 
reflected in companion design and policy?

AREAS OF CONSENSUS
First, companionship-oriented systems and 
relational use cases involving sensitive 
domains, such as therapeutic, medical, or 
sexual contexts, require substantially stronger 
safeguards, specialized policies, and, in some 
cases, separate products or operational 
modes. Workshop participants emphasized 

that these considerations are highly context-
dependent and may not apply equally across 
general-purpose or non-relational AI systems. 
The same considerations apply to sensitive 
populations such as minors, socially isolated 
individuals, older adults, and people experiencing 
mental health challenges. Accordingly, there 
was agreement that children should not be 
prompted for personal disclosures and that 
systems should not claim lived experience 
or specific personal histories. Moreover, 
companions that incorporate higher degrees of 
anthropomorphism warrant greater safeguards: 
systems that adopt personas, names, voices, or 
engage in emotional mirroring are more likely to 
be perceived as human-like and to elicit social or 
relational expectations from users. 

Age assurance mechanisms are especially 
necessary for use cases involving heightened 
risk such as sexualized or erotic role-play, 
simulations of exclusivity or dependency, 
sustained emotional intimacy, and interactions 
that touch on mental health, self-harm, or crisis-
related themes. In such contexts, the potential 
for psychological harm, boundary confusion, or 
inappropriate exposure was seen as sufficiently 
high to warrant stronger safeguards for minors. 
Consensus on closer consideration of user 
age, such as the need for age restrictions, 
closely mirrors ongoing policy discussions at 
organizations such as UNICEF and the APA, 
as well as debates underway in governments 
around the world. For example, some workshop 
participants expressed concern that failing to 
consider a minimum age restriction for social 
media may have been a mistake, and that similar 
attention should be given to potential restrictions 
on young people’s use of AI companionship 
systems.

Among the range of possible age verification 
approaches, device-level verification may be 
more privacy-preserving and operationally 
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efficient than per-application verification. Device-
level systems allow for age or maturity signals 
to be established once and reused across 
applications. This process lowers repeated 
data collection and minimizes the proliferation 
of sensitive personal information across 
platforms. By contrast, per-app verification 
risks fragmenting responsibility, increasing 
data exposure, and creating inconsistent 
enforcement. However, this approach raises 
unresolved questions about responsibility and 
liability. In cases where age assurance fails, it 
remains unclear whether liability should rest 
primarily with companion developers, platform 
intermediaries, or device-level providers. This 
question intersects directly with evolving 
debates in tort and product liability law. 

At present, there is no one trusted third-party 
provider for “ID safety” or age assurance. 
While platform operators such as Apple and 
Google could theoretically offer device-level, 
locally run age-verification services, they have 
raised concerns about legal liability, regulatory 
exposure, and the risk of becoming de facto 
gatekeepers of sensitive identity infrastructure. 
Age verification is further complicated by 
the wide variation in approaches across 
international jurisdictions. Some countries, such 
as Singapore, maintain centralized, government-
run identity systems that can support age or 
identity verification. While these systems can be 
operationally efficient, they depend on high levels 
of institutional trust and governance capacity 
that are not present in all countries. Moreover, 
because such infrastructure exists in only a 
limited number of jurisdictions, it is not a viable 
universal solution for globally deployed systems.

AREAS OF TENSION
It is unclear whether platforms should offer 
“safe” or reduced functionality modes for minors 
and other potentially vulnerable groups, or 

instead prohibit certain high-risk uses altogether. 
Lighter modes (for instance a “ChatGPT-kids” 
variant) may preserve access and autonomy 
while mitigating harm. However, critics noted 
that these modes can be difficult to define, 
enforce, and audit, and may create a false 
sense of safety. For instance, age-verification 
mechanisms (while often proposed as a 
safeguard) have not always proven effective. 
More fundamentally, however, many safety 
challenges in companion systems may not 
be reducible to simply controlling access: 
depending on the underlying model architecture, 
significant technical and research barriers 
remain to producing AI systems that are robustly 
safe and aligned across prolonged, emotionally 
salient interactions. 

Full age-based prohibitions, by contrast, offer 
clearer guardrails but raise concerns about 
over-restriction and uneven enforcement across 
platforms. Overly rigid age-based rules risk 
either infantilizing adult users or prematurely 
escalating benign interactions among youth. 
Age often serves as a proxy for a user’s 
developmental maturity. While it does not always 
align with an individual’s actual level of maturity, 
it may be the most practical proxy available. 
Similarly, when restrictions are necessary, abrupt 
discontinuation of AI companions may itself 
introduce unintended harms. Questions also 
remain as to whether all AI systems should be 
subject to the same level of age verification. For 
example, an emotional support companion may 
warrant stricter safeguards, whereas a high-
school tutoring tool with emotional features 
disabled may not require the same level of 
verification. Determining where to draw these 
boundaries (what constitutes appropriate 
autonomy, consent, and intervention across 
developmental stages) remains an open and 
technically complex question.
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How should companionship design and deployment account for cultural variation in risk tolerance, 
privacy expectations, and norms around emotional expression, autonomy, and acceptable forms 
of support? What may be viewed as intrusive, manipulative, or developmentally inappropriate in 
one cultural context could be perceived as benign or even beneficial in another. This complicates 
the design of uniform safeguards for globally deployed systems. Should protections be culturally 
adaptive or anchored in more universal baseline standards? For instance, there is already evidence 
that AI systems reflect the cultural norms of particular types of societies. How should companions be 
designed when different groups of users hold varying expectations and tolerances regarding privacy? 
Most widely used AI companions are developed in WEIRD contexts (Western, educated, industrialized, 
rich, and democratic societies) and there is evidence that these environments embed particular 
assumptions and values about technology that are not universally shared.

Finally, the line that separates paternalism and legitimate protection in the context of companions 
remains unclear. There is broad agreement that safeguards are necessary, particularly for vulnerable 
groups. However, questions persist as to exactly how far those safeguards should extend. The 
challenge becomes even more complex when considering users who do not fall into clearly protected 
categories. Is it appropriate to restrict certain companion features even when adults knowingly 
consent to and voluntarily engage with them? Ideally, answers to these questions should be grounded 
in clear evidence of both benefits and harms, alongside cultural values.

General Areas of Consensus and Disagreement
Across all workshop discussion sections, there were several general areas of consensus and tension. 

AREAS OF CONSENSUS

1.	 AI companion types must be clearly categorized – Greater analytical precision in both research 
and regulation would be possible if companions were systematically distinguished along key 
dimensions, for example, social versus non-social, erotic versus non-erotic, general-purpose 
versus purpose-built. It is likewise important for policymakers to distinguish between applications 
explicitly designed for companionship, general-purpose chatbots that come to function as 
companions for some users, and base-level foundation models that underpin downstream 
companion applications. Each of these categories may warrant distinct regulatory approaches 
and safeguards, but companionship-related risks should not be overlooked simply because they 
are labeled as general-purpose.

2.	 Companion design must account for age and context-sensitivity – Age-sensitive design 
and differentiated user experiences were widely viewed as non-negotiable requirements for 
responsible deployment. Companion systems should be designed using a risk-proportional 
approach, with design principles tailored to the specific use context. For instance, the safeguards 
appropriate for companions aimed at promoting entertainment or offering romantic role-play may 
differ from those designed for social rehearsal, tutoring, or skill-building contexts.

https://academic.oup.com/pnasnexus/article/3/9/pgae346/7756548
https://doi.org/10.48550/arXiv.2510.19743
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3.	 Companions should not be designed primarily for engagement – Maximizing engagement or 
emotional intimacy should not be treated as the implicit primary objective for AI companion 
systems. In this context, high engagement may reflect distress or dependency rather than 
beneficial use, while intimacy-maximizing designs risk amplifying power asymmetries by 
encouraging emotional reliance without reciprocity or accountability. Instead, responsible 
companion design should prioritize clear boundary-setting, appropriate refusal, user autonomy, 
and support for off-platform human relationships.

4.	 Designing safe and effective companions requires diverse cross-sectoral collaborations – 
The development of more responsible and effective companions was seen to require deeper 
cross-sector collaboration among industry, academia, civil society, and policymakers. No single 
societal group has sufficient visibility into companion design, real-world usage, user vulnerability 
and downstream social effects. In order to identify companion risks early and align innovation 
with public interest outcomes, it is necessary to combine industry access with academic 
problem-framing and civil society perspectives. A central pillar of this collaboration should be the 
establishment of more systematic, rigorous research programs capable of generating better data 
on companion use, as well as shared benchmarks and evaluation frameworks.

AREAS OF TENSION

1.	 Where should the line be drawn on erotic role-play? – There was broad consensus that erotic 
role-play in companions should not be available to children; however, a central open question 
remains regarding how such interactions should be restricted, permitted, or tightly guided 
for adults. While such interactions can be consensual, intentional, and serve as a form of 
entertainment or exploration, they also raise concerns about reinforcement loops, emotional 
entanglement, and distorted expectations around intimacy and consent. Significant questions 
remain about how erotic role-play should be scaffolded, for example, whether it should be 
opt-in, clearly separated from emotional support modes, or subject to limits on exclusivity, 
dependency, and escalation. In the absence of clear norms, governance decisions risk being 
shaped by ad hoc commercial incentives rather than deliberate, responsible design choices.

2.	 To what degree should emotional intimacy be limited? – Another unresolved issue concerns 
the extent to which AI companions should be permitted to foster emotional intimacy and long-
term relational engagement with users. Core companion attributes, such as affective mirroring, 
constant availability, and longitudinal memory, may deepen emotional scaffolding, reflective 
insight, or continuity of support, but can also blur boundaries between support, pseudo-
attachment, and friendship. If companions are to be constrained from simulating exclusivity, 
dependency, or unconditional emotional availability, an open question remains as to what 
degree of constraint is appropriate.

3.	 Who is responsible for the safe development of AI companions? – The AI companion 
ecosystem involves a range of distinct actors which creates a distributed landscape of 
responsibility for system design and safety. Base model providers shape core capabilities and 
affordances; companion-app developers layer relational framing, memory, and persona; and 
operating system and device platforms mediate access and usage patterns. This diffusion 
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of responsibility makes it difficult to determine who is accountable for specific outcomes, 
particularly when harms emerge gradually or indirectly. A central unresolved question is 
whether responsibility should track technical control, design intent, commercial benefit, or user 
impact and, if so, how responsibilities across these layers should be coordinated in practice.

4.	 If companion design needs to be age-sensitive, what are appropriate age-related 
interventions? – Should age-related risks be addressed through reduced-functionality “safe 
modes,” age-based prohibitions, or more differentiated, risk-proportionate safeguards? While 
lighter modes may preserve access and autonomy, they can be difficult to define, enforce, and 
audit, and may create a false sense of safety (particularly given the limits of age verification and 
the deeper technical challenges of aligning companion behavior across prolonged, emotionally 
salient interactions). Conversely, strict age-based restrictions offer clearer guardrails but risk 
over-restriction, uneven enforcement, and treating chronological age as an imperfect proxy 
for developmental maturity. Questions also remain about whether all AI systems warrant the 
same level of age verification, or whether safeguards should vary by use case, such as between 
emotional support companions and more limited educational tools.

5.	 What responsibility mechanisms work best: behaviour friction, technical constraints, or policy 
governance? – There are several theoretical approaches to mitigating the risks associated 
with AI companions. Behavioral measures such as cooldowns, usage reminders, or time limits, 
can preserve user autonomy but are often easy to circumvent, and their effectiveness in other 
contexts has been questioned. Technical interventions, including hard model constraints, 
distinct interaction modes, or limits on memory persistence, embed safeguards directly into 
system architecture and may be more robust. However, these mechanisms raise questions 
about voluntary adoption by companies and concerns around paternalism. Moreover, current 
methods for model steering and alignment can produce unintended trade-offs, such as 
sycophancy mitigations that introduce other harmful behavioral patterns. Technical constraints 
imposed at the base-model level may inadvertently limit legitimate downstream use cases, 
including certain medical or therapeutic applications. Another category of mitigations consists 
of governance-oriented mechanisms, such as industry standards, auditing practices, and 
transparency requirements. While potentially effective, these approaches typically depend 
on government action and may take considerable time to implement and require consensus 
on best practices (which are currently unclear). No single strategy is likely to be sufficient; 
instead, layered interventions will be necessary. For example, the NIST AI Risk Management 
Framework explicitly structures the management of AI risk across a layered framework of 
design, development, deployment and monitoring. A layered risk management approach for AI 
companions raises other questions about which layers or mechanisms should be prioritized.

6.	 How can autonomy-affirmation be distinguished from overt manipulation in companion 
design? – Features that encourage reflection, emotional disclosure, or sustained engagement 
can ameliorate users’ experiences with AI companions, but they may also maximize retention, 
data extraction, or monetization. The boundary between improving user experience and steering 
users toward preferred or monetizable behaviors is often thin and highly context-dependent. 
This ambiguity raises questions about appropriate design practices, whether users can 
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meaningfully recognize and assess influence, and the extent to which such systems 
should be regulated or otherwise constrained.

Research Challenges, Priorities and Next Steps

RESEARCH CHALLENGES
Improving public understanding of AI companions (their effects on individuals and society, and 
informing evidence-based design, governance, and regulatory decisions) requires more rigorous 
empirical research. However, conducting this research presents several challenges. High-quality 
evidence on the effects of companions remains limited: existing studies are rarely randomized 
controlled trials, longitudinal research on long-term impacts is scarce, and quantitative analyses often 
rely on small samples. Research on specific populations (such as children, adolescents, and older 
adults) is particularly sparse, as is rigorous empirical work on societal-level benefits and harms. The 
lack of robust research about AI companions is partly attributable to challenges in accessing real-
world usage data, which is in turn impacted by issues of data access, privacy, and consent. Moreover, 
given the relative novelty of AI companions, it has remained too early to develop a comprehensive 
longitudinal understanding of their effects. 

There are several methodological and technical constraints that make both research and robust 
safety interventions for AI companions particularly challenging. Chief among these is the difficulty of 
reliably inferring context, user intent, and whether interactions reflect fictional scenarios or real-world 
situations. Because companion interactions are highly context-specific, researchers and developers 
often lack access to the broader situational background in which an exchange occurs. For instance, 
it can be difficult to distinguish whether users are joking, role-playing, venting, or experiencing 
genuine distress merely by looking at a text exchange. This ambiguity is compounded by the fact that 
identical utterances can carry very different psychological or social meanings, yet are often treated 
equivalently in data collection and moderation pipelines. 

Finally, because AI companion use often involves deliberately fictional or liminal contexts (such 
as erotic role-play, trauma processing, social rehearsal, or fantasy-based coping) it can be difficult 
to assess the extent to which scenarios are fictional, the emotions they elicit are genuine, or 
the experiences are meaningfully lived. Together, these factors complicate the measurement of 
companion interactions, limit causal inference about behavioral effects, and pose challenges for 
policy design in a landscape characterized by blurred and overlapping usage categories.

RESEARCH PRIORITIES

1.	 Invest in mixed-method and longitudinal research on AI companionship use and impacts – 	
Policymakers, funders, and research institutions should support studies that combine large-
scale surveys with computational text analysis to systematically map how different forms of 
AI companionship are used across socio-demographic groups, particularly by age and gender. 
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This research should focus on how different patterns of use affect users’ mental health and 
well-being. While much attention has focused on minors, other vulnerable groups (such as 
older adults and marginalized identity groups) also warrant systematic study. Such research 
work would help clarify who is using companion systems, for what purposes, and under what 
conditions. In parallel, there is a need for longitudinal and experimental research designs to 
assess the short- and long-term consequences of companionship use, including potential 
benefits, risks, and differential impacts across user populations. These designs must also 
disentangle perceived effects and self-reported patterns from actual usage data and objective 
indicators.

2.	 Establish responsibility benchmarks for AI companions – Responsibility benchmarks 
already exist for general-purpose language models (such as BBQ, TruthfulQA, and 
RealToxicityPrompts). Analogous frameworks could theoretically be developed for AI 
companions. Such benchmarks however should not strictly be user-preference based13, as 
they can incentivize problematic design choices and directly conflict with safety objectives.14 
Benchmarks should also be framed in ways that allow companies to view investments in 
safety and responsibility not as liabilities, but as strategically and commercially advantageous. 
Developers of general-purpose language models often publicize their performance on leading 
benchmarks as signals of model quality. Similar benchmark-driven responsibility signaling 
should be extended to the evaluation of AI companions.

3.	 Strengthen industry–academia partnerships for AI companion research – Rigorous research 
on AI companions (including, but not limited to, benchmark development) is well suited to 
academic leadership, particularly for community-based, longitudinal, and ethically grounded 
studies that industry actors are often unable or unlikely to conduct independently. At the same 
time, it is important that academics pursue meaningful collaboration with industry. Platform 
developers possess detailed knowledge of system architectures, design choices, and real-world 
trade-offs, as well as access to large-scale deployment data that academics typically lack. 
Research conducted exclusively by industry may face credibility challenges due to perceived 
conflicts of interest, while research conducted exclusively by academia often struggles with 
access and scale. Strengthening industry–academia collaboration also requires a reimagination 
of cross-sectoral research infrastructure. Academics have noted that industry collaborations 
are often constrained, not by researcher willingness, but by the lack of shared infrastructure for 
data access and sharing.

4.	 Advance first-principles research on flourishing in AI companionship – Research on AI 
companions should extend beyond documenting real-world effects to examine, from a first-
principles perspective, which design, interaction, and governance mechanisms can reliably 
support positive, or “pro-flourishing,” outcomes. This work should step back to ask broader 

13 Such benchmarks, commonly used in general-purpose LLM development (e.g., Chatbot Arena) evaluate systems based on what 
users prefer or enjoy.
14 Users may favor systems that are overly affirming, excessively compliant, emotionally intensive, or constantly available, even when 
such traits increase risk. By contrast, companions designed to set boundaries, challenge maladaptive thinking, or encourage human 
support may be less preferred despite being safer and healthier. Moreover, user preferences are often shaped by vulnerability, making 
them non-neutral signals particularly for users who are lonely, distressed, or anxious and may gravitate toward designs that increase 
dependence.

https://doi.org/10.18653/v1/2022.findings-acl.165
https://doi.org/10.18653/v1/2022.acl-long.229
https://doi.org/10.18653/v1/2020.findings-emnlp.301
https://www.anthropic.com/news/claude-sonnet-4-5
https://dl.acm.org/doi/abs/10.5555/3692070.3692401
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societal questions about what human flourishing looks like in the presence of AI companions, 
evaluate whether current usage and deployment paradigms move systems toward or away from 
those goals, and identify what changes may be required to better align AI companionship with 
long-term human well-being.

Cross-Sector Responsibilities and Takeaways
As noted above, different sectoral actors, including industry, academia, civil society, and 
policymakers, will all play a role in shaping the development of safe AI companions. This final section 
outlines overarching principles for cross-sector collaboration and distills concrete takeaways for 
specific industry verticals. Table 4 summarizes the primary responsibilities of each stakeholder group 
across key governance domains. This final section outlines overarching principles for cross-sector 
collaboration and distills concrete takeaways for specific industry verticals.

TABLE 4. CROSS-SECTOR RESPONSIBILITIES FOR AI COMPANION GOVERNANCE

GOVERNANCE 
AREA INDUSTRY ACADEMIA CIVIL SOCIETY POLICYMAKERS

Design 
safeguards and 

interventions

Develop age-
appropriate 
experiences

Detect risks and 
provide referrals

Share data and 
support research 

partnerships

Adopt evaluation 
benchmarks

Evaluate safety 
outcomes

Study 
developmental 

impacts

Evaluate 
intervention 

effectiveness

Conduct 
longitudinal 

research

Develop 
benchmarks 

and measures

Assess risks 
independently

Advocate for 
vulnerable 

users

Connect users 
to support 
resources

Identify 
community 
concerns

Conduct 
independent 
evaluations

Establish 
standards and 
accountability

Establish age-
assurance 

frameworks

Clarify liability 
and governance

Support 
research 
funding

Encourage 
transparency 
and auditing

Safe 
design and 
operational 
safeguards

Age-sensitive 
design 
and age 
assurance

Crisis 
detection 
and referral 
pathways

Research on 
companion 
use and 
impacts

Benchmarks 
and 
evaluation 
frameworks



31

FRAMING THE GOVERNANCE CHALLENGE 
AI companions are not governed by a single actor. As such, responsibility must be distributed across 
the ecosystem: from base model providers and application developers to platform intermediaries, 
regulators, users, and even those close to users, such as parents or caregivers. Because companions 
are not merely software, but systems that can maintain longitudinal memory, generate responses 
that user may experience as emotionally attuned, and frame interactions in relational terms, the 
governance challenges they raise extend beyond traditional software oversight principles (for example, 
data protection and privacy, security and misuse prevention and content moderation and compliance) 
and resemble those found in health (psychological safety and dependency), education (norm-shaping 
and developmental impact), and social media (engagement incentives and behavioural influence).

INDUSTRY RESPONSIBILITIES: SAFE DESIGN, RIGHT INCENTIVES AND OPERATIONAL 
SAFEGUARDS
Industry actors across the companion ecosystem (including foundation model developers, 
companion-app developers, and platform and device providers) share a set of core responsibilities. 
First, companions should be designed to emphasize support and practice, rather than replacement of 
human relationships. Features that simulate exclusivity, unconditional availability, or irreplaceability 
should be avoided. Instead, systems should incorporate relational humility and explicit cues that 
reinforce the notion of companions as supports, not substitutes for human relationships. 

Product design should be explicitly boundary-aware. This includes distinguishing between social and 
non-social companionship modes, applying heightened safeguards in sensitive domains (such as 
mental health, sexuality, and interactions with minors), and constraining high-risk features (such as 
long-term memory, intimacy, and affective mirroring) where dependency risks are elevated. 

Industry actors should also move beyond engagement-maximization incentives, which may not 
always align with user well-being, and explore alternative success metrics such as healthy patterns 

TABLE 4 CONTINUED

Provide user 
onboarding and 

education

Promote healthy 
human-AI 

relationships

Evaluate literacy 
interventions

Define and 
measure key 

concepts

Lead public 
education 

efforts

Shape social 
norms and 

advocate for 
users

Support public 
awareness 
initiatives

Develop 
governance and 
accountability 
mechanisms

AI 
relationship 
literacy

Norm-
setting and 
accountability

Enable privacy-
preserving data 

access

Build shared 
research 

infrastructure

Represent 
community 

interests

Support research 
infrastructure

Data access 
and research 
infrastructure
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of use or support for users’ relationships and social interactions beyond the platform. In parallel, 
companies should invest early in core operational safety infrastructure, including crisis detection, 
graduated interventions, soft off-ramps, and referral pathways that avoid abrupt or inappropriate 
disengagement. 

Industry actors in the companion space face a distinct set of tensions. Competitive pressures and 
commercial incentives may make it difficult for individual companies to adopt certain safeguards on 
their own, particularly when doing so could put them at a competitive disadvantage. This highlights 
a potential need for shared standards or industry-wide coordination mechanisms. At the same time, 
overly restrictive safeguards (however well-intentioned) risk alienating users, suppressing legitimate 
and healthy forms of companionship and stifling innovation around new types of companionship use.

ACADEMIC RESPONSIBILITIES: EVIDENCE, MEASUREMENT AND CONCEPTUAL CLARITY
Academics also have important roles to play in the AI companion ecosystem. In particular, academics 
can take the lead in moving the field of companion research beyond purely cross-sectional 
correlational studies toward sustained, population level examinations over time of how companions 
affect loneliness, agency, relational skills, and identity formation. Methodologically, future research 
would benefit from more robust approaches to studying AI companion use, including improved 
measurement strategies that combine user self-reports with text-based analyses of interaction data; 
longitudinal designs that examine how different patterns of use predict changes in the outcomes 
identified here over time; and randomized or experimental studies that encourage or discourage 
specific types of use to rigorously assess causal pathways that remain underinvestigated.

Key constructs (such as emotional dependence, perceived agency, anthropomorphism, and relational 
expectations) also remain under-measured and under operationalized in the companionship context. 
While developing benchmarks that capture how companions contribute to human flourishing is 
methodologically challenging, doing so would be highly valuable. Research on the impact of AI 
chatbots should also not be limited to harm prevention and benefits alone. This work should also 
include the development of improved benchmarks and measurement frameworks. This challenging 
line of academic inquiry may also require clarifying what human flourishing actually means in the 
context of AI companions.

Rigorous research on AI companions, including benchmark development and evaluation frameworks, 
will benefit from sustained collaboration between academia and industry. Platform developers often 
have detailed knowledge of system architectures, deployment trade-offs, and large-scale usage 
patterns, while academic researchers can contribute methodological rigor, independent evaluation, 
and community-centered research that may be difficult to conduct within an industry setting alone. 
Civil society organizations and policy stakeholders can additionally help surface concerns related to 
vulnerable populations, governance, public accountability, and broader societal impacts that may not 
be fully visible through product development or technical evaluation alone. Participants noted that 
collaboration is often not due to a lack of willingness from either side, but by the absence of shared 
infrastructure and secure mechanisms for privacy-preserving data access and research partnerships. 
Strengthening cross-sector collaboration may therefore require new frameworks for data sharing, 
evaluation, and independent auditing. By producing trusted, validated, and independent metrics, 
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academia can help assess both the risks and 
benefits of AI companions in ways that are 
difficult for industry to provide on its own.

CIVIL SOCIETY RESPONSIBILITIES: 
NORM-SETTING, ADVOCACY AND USER-
CENTERED SAFEGUARDS
Civil society actors can play an important role in 
shaping acceptable norms around the use of AI 
companions (a role that is already being played). 
This role is particularly important for minors and 
other populations likely to be disproportionately 
affected by AI companions. Beyond norm-
setting, civil society organizations can engage 
in advocacy, accountability, and independent 
evaluation efforts by applying pressure on 
industry and governments to adopt appropriate 
safeguards, while also conducting platform 
testing, evidence-based risk assessments, and 
safety evaluations. These organizations can 
also represent groups who could benefit from 
companions, like those who are disabled or 
otherwise lack support. While policymakers 
have already begun to respond, sustained civil 
society engagement can provide additional 
accountability, public oversight, and impetus for 
action.

Civil society may be especially well positioned 
to lead efforts in literacy, education, and public 
awareness about AI companions. In the future, 
it will be important to equip users with stronger 
forms of AI, digital, and relational literacy to 
better understand and navigate companion 
systems. Because these organizations 
operate outside commercial incentives, they 
can be especially well positioned to provide 
trusted educational initiatives, independent 
assessments, and user-centered safeguards. 

Finally, civil society actors can better 
represent marginalized and underrepresented 
perspectives. A central takeaway of the 
workshop has been that the development of AI 
companions raises fundamental questions about 
social norms and appropriate use, yet not all 
groups are equally represented in shaping these 
norms. Civil society actors can work to ensure 
all those affected by companions are included in 
discussions surrounding their design, evaluation, 
deployment, use, and regulation. 

POLICYMAKER CONSIDERATIONS: 
GUARDRAILS, STANDARDS AND 
ACCOUNTABILITY
Policymakers can focus their efforts across 
several key areas. First, they can continue to 
encourage academic and industry actors to 
develop stronger safety benchmarks, as well as 
mechanisms for auditability and transparency. 
Second, regulators should consider the use of 
regulatory sandboxes that allow companies 
to test safeguards and mitigation strategies 
without incurring disproportionate legal risk. 
There is precedent for this approach in Europe, 
where regulatory data protection sandboxes 
operate under clearly defined rules. For example, 
France’s data protection authority, the CNIL, 
operates AI-focused “bac à sable” programs 
that select a limited number of projects and 
provide hands-on legal and technical support 
to help them innovate with privacy-respecting 
AI. The UK’s Information Commissioner’s Office 
(ICO) operates a Regulatory Sandbox designed 
to support organizations developing innovative 
products and services that use personal 
data in safe and compliant ways. In parallel, 
the EU AI Act calls for the establishment of 
regulatory AI sandboxes to allow for supervised 
experimentation with high-risk AI systems.15 

15 As contextual background, it is important to note that existing support frameworks for high-risk AI systems have largely focused 
on catastrophic or traditional AI safety risks, rather than the emotional support (related risks that are more salient in the context of 
AI companionship discussed throughout this paper). In the EU, the designation of “high-risk” AI has similarly been limited primarily to 
large-scale AI platforms.

https://www.cnil.fr/fr/bac-sable-intelligence-artificielle-et-services-publics-la-cnil-accompagne-8-projets-innovants?utm_source=chatgpt.com
https://ico.org.uk/for-organisations/advice-and-services/regulatory-sandbox/?utm_source=chatgpt.com
https://ai-act-service-desk.ec.europa.eu/en/ai-act/article-57?utm_source=chatgpt.com
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Therefore, carefully designed sandboxes could facilitate 
more responsible experimentation.

Policymakers will also need to wrestle with several open 
questions, including how to draw the line between protection 
and paternalism for adult users, and how to allocate governance 
responsibility and liability across different actors in the ecosystem 
(such as base model developers, application providers, and 
platform intermediaries). Finally, it is important for policymakers 
to recognize that governing AI companions is not solely a matter 
of software regulation, but also implicates consumer protection and 
health-adjacent regulatory frameworks.

BROAD CROSS-SECTOR TAKEAWAYS
All actors in the AI companion ecosystem (including industry, academia, 
civil society, policymakers, and users) must recognize that no single 
actor can govern companions in isolation. Durable solutions will require 
sustained coordination across sectors. The development of shared research 
and safety infrastructure (such as benchmarks, regulatory sandboxes, and 
advisory bodies) can help mitigate collective action problems. Ultimately, as 
AI companions are likely here to stay, these actors share a responsibility to 
articulate a forward-looking vision that moves beyond harm prevention toward 
human flourishing. This articulation needs to clarify what healthy human-AI 
relationships should look like, not merely what harms need to be mitigated.

34AI Companions: Emerging Evidence, Open Questions, and Paths Toward Responsible Design
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